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Abstract—For ease in grouping research papers is by doing
clustering. Clustering is a method to classify the objects into
subsets with similar attributes. Clustering method divided into
two categories ie hard and soft clustering. Hard clustering is
method to grouping the data items such that each item is only
assigned to one cluster, K-Means is one of them. While Soft
clustering is method to grouping the data items such that an item
can exist in multiple clusters, Fuzzy C-Means (FCM) is an
example. Most research papers are documented into groups that
are associated with the area of expertise of the researcher, even
though there is also research whose contents relate to other
fields outside the area of expertise of the researcher, so it should
also be documented in the group of other fields so that its
contribution in other fields can be known. Here in this paper we
analyse the abstract of papers written in Indonesian as data set.
Data samples were taken from 3 fields, namely information
technology, health and economics. Clustering process using k-
means and FCM to find out whether scientific paper’s abstracts
from different fields of research can be in the same group /
cluster as a whole, not whole or different groups. As
unstructured data, abstracts must be processed through a text
mining procedure first to become vector data.

Keywords—Hard and soft clustering, k-means, fuzzy c-means
(FCM), Abstract.

I. INTRODUCTION

In the world of research, abstracts are an important part
that must be present in research reports. Abstracts are usually
displayed at the beginning of a research report as general and
brief information about the contents of the overall research
report. In scientific papers, abstracts are the most important
part for readers to identify the basic contents of documents
quickly and accurately. By using abstracts, the reader can
determine the relevance of the document to their interests, and
henceforth decide to read the document or not as a whole set.
Thus, each scientific paper must be accompanied by an
abstract[1]. Generally abstracts are written in English but in
Indonesia it is also written in Indonesian known as Bahasa.
The use of these two languages is intended so that research
reports can be used both by people from the country where the
research report was made, and by people from countries
outside the research report. Many scientific works are written
by authors in certain fields but their research is related to other
fields of science. The grouping of scientific papers makes it
possible to find out the contribution of research to certain
fields of study by researchers who do not have that
background. Clustering is the organization of unlabeled data
into similarity groups called clusters. A cluster is a collection
of data items which are ‘“similar” between them, and
“dissimilar” to data items in other clusters. Hard clustering is
about grouping the data items such that each item is only
assigned to one cluster. K-Means is a famous hard clustering
algorithm whereby the data items are clustered into K clusters
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such that each item only blogs to one cluster. Soft clustering
is about grouping the data items such that an item can exist in
multiple clusters. Fuzzy C-means is a famous soft clustering
algorithm. It is based on the fuzzy logic and is often referred
to as the FCM algorithm.

II. LITERATURE REVIEW

There is an increasing amount of textual data available
every day. Textual data is unstructured, unclear and
manipulation is difficult[2]. Text mining is an increasing field
that attempts to gather meaningful information from natural
language text. Text mining is to handle textual data. Text
mining is the process of extracting the high quality of
information from such large text corpus. There are various
Text mining techniques are available for handling these
large amount of documents such as information extraction,
clustering, classification, categorization, summarization,
concept linkage etc[3]. Although Text Mining is similar to
Data Mining, yet they are quite different. Data Mining are
design to handle structured data from database, but Text
Mining can also work with unstructured or semi-structured
datasets such as emails, text documents and HTML files,
etc[4]. Text Mining is also process of turning text into numeric
data[5], so that it can be used in an analysis or predictive
modelling. Some of the application of text mining as text
categorization, document clustering and information
retrieval. Clustering techniques are mostly unsupervised data
mining process is widely used to organize data into groups -
called clusters - based on similarities among the individual
data items. Objects within the cluster tend to be similar while
objects belonging to different cluster are dissimilar[6]. There
are 2 types of clustering namely hard and soft clustering. K-
means is classified as hard clustering while Fuzzy C-Means is
classified as soft clustering. Text clustering is “unsupervised”
learning that do not require training data, the algorithms
themselves are generally far more computation-intensive then
supervised scheme. Text clustering is a special problem in
data clustering, where the objects are in form of texts like
paper’s abstract. As in other countries, in Indonesia its own
language is used for both written and oral communication,
known as Bahasa Indonesia or Bahasa. In 1928 a youth
congress was held. The congress comes with an important
decision of a national language, i.e. Bahasa Indonesia. It is
declared as the unifying language in the new nation of
Indonesia and should be used instead of Dutch for formal and
nation-wide communications[7], included in writing scientific
papers.
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III. TEXT PROCESSING

A. Text Mining

In general, text mining process starts with collecting text
documents. Because collected document texts are
unstructured which cannot directly use for processing, it
require several preprocessing activities.

1) Text Cleanup : Text Cleanup means removing of
any unnecessary orunwanted information such as normalize
text converted from binary formats, deal with tables, figures
and formulas.

2) Case Folding : Activity to convert the entire text in a
document into a standard form i.e lowercase letters.

3) Tokenizing : Activity to breaking up a sequence of
strings into pieces of words called tokens.

4) Stop words removal : Stop words are common words
that considered to have no meaning. This filtering activity to
reduce the number of words that need to be processed.

5) Stemming : Activity stemming isthe process of
reducing words to their word stems or it is the process of
removing prefixes and suffixes.

B. Term document binary matrix

A document-term matrix or term-document matrix is a
mathematical matrix describes the frequency of terms or
words that occur in a collection of documents. In a document-
term matrix, rows correspond to documents in the collection
and columns correspond to terms. Term document matrix is
tracking the term frequency for each exist term by each
document and represent as a numeric structure. Every word
that appears in a document is stated with numbers 1 and 0 if
the word does not appear in another document. To get more
meaningful words, filtering can be done by selecting the
frequency of occurrence of words above a certain value

t t t; .. tn

d

d
ds

Fig. 1. Example of Term Document Binary Matrix format.

C. Term Weighting

The most successful and widely used scheme for giving
term weights is the TF-IDF weighting scheme. TF (Term
Frequency) represents the number of times of a word
appearing in a document[8]. The importance of word ti in a
document can be expressed as:

TF(word ) = ”( ount(word )

1
Z( ‘ount(word, ) M

In formula (1), Count(word) presents the number of
occurrences of the word in the document. The denominator is
the sum of the number of occurrences about all the words in
the documents.

IDF (Inverse Document Frequency) is a calculation of how
the terms are widely distributed in the collection of documents
concerned.
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IDF(word ) = /()g[ Count(docs ) ] @)

Count(word ,docs )

In formula (2), Count(docs) is the total number of
documents. The denominator is the total number of documents
that contain the word.

Formula (1)’s result is multiplied by the result of Formula
(2) to obtain the result of Formula (3), which represents the
weight of words.

Weight(word) = TF(word) * IDF (word) 3)

IV. CLUSTERING

Clustering is the task of grouping a set of objects in such a
way that objects in the same group called a cluster are more
similar to each other than to other groups or clusters.
Clustering can be distinguished into hard and soft clustering.
Hard clustering means an object either belongs to a cluster or
it does not. K-means is one of the hard clustering method. Soft
clustering (fuzzy clustering) means that an object is possible
to be in several clusters. Fuzzy C-Means classified as soft
clustering method.

A. K-Means

After the construction of the document vector, the process
of clustering is carried out. As categorized as hard clustering,
K-means algorithm is one of the algorithms reviewed in this
paper. The K-Means is one of the famous hard clustering
algorithm[9]. K-means is the simplest and most widely used
algorithm in many areas. This algorithm similarly measure is
based on Euclidean distance and works only for datasets that
consist of numerical attributes.

The basic algorithm of K-means is as following :
Input : k: the number of clusters
Method :
Step 1: Choose k numbers of clusters to be determined.
Step 2: Choose Ci centroids randomly as the initial centers of
the clusters.
Step 3 : Repeat
3.1: Assign each object to their closest cluster center using
Euclidean distance
3.2: Compute new cluster center by calculating mean
points.
Step 4: Until
4.1: No change in cluster center OR No object changes its
clusters.

B. Fuzzy C-Means

Fuzzy C-Means (FCM) is a data clustering technique
where the existence of each data point in a cluster is
determined by the degree of its membership. This technique
first time introduced by Jim Bezdek in 1981. The basic
concept of FCM, First time is to determine the center of the
cluster, which will mark average location for each cluster. In
the initial condition, the cluster center is still inaccurate. Each
data has a degree of membership for each cluster. By
improving the cluster center and the membership value of each
data repeatedly, it will be seen that the cluster center will move
to the right location[10]. The main advantage of fuzzy C-
means clustering is that it allow each data can belong to more
than one cluster.
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Fuzzy c-means algorithm is as following:
Step 1: Determine
1.1: The X matrix is n X m in size, with n = the amount of
data to be clustered and m = the number of criteria
(variables).
Number of clusters to be formed (c>=2)
rank (weighting w>1)
maximum iteration
Initialize randomly the value of the matrix.
Repeat
Calculate the centroids Gy by taking into account the
cluster membership
Recalculate the cluster membership for each
individual.
Step 4: Until
4.1: Convergence (the centroids don’t change).

1.2
1.3
1.4:
Step 2:
Step 3:
3.1:

3.2

V. EXPERIMENT

A. Data Set

The data used in this paper are abstract documents of
scientific research paper in Indonesian. There are 15 papers
chosen.. Selected papers from 3 fields of science are
information technology (IT) related to health (HE) or
economics (EC) and vice versa, each of the 5 abstracts.

TABLE I. SAMPLE DATA SET

Field
relation
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Fig. 2. Sample data set

The initial group of sample data taken is as follows:
documents 1 to 5 are abstract papers in the field of information
technology relating to health, documents 6 to 10 are abstract
papers in the field of information technology relating to
economics and documents 11 to 15 are abstract papers on
health related to economics. Before to the preprocessing text
mining stage, the total number of terms or words was 1570
and after the preprocessing phase and filtering is done, 159
unique words are generated.

B. Experiment

The motivation is to find out whether scientific paper’s
abstracts from different fields of research can be in the same
group / cluster as a whole, not whole or different groups.

1) Experimental Environment Experiments used
Python for pre-processing phase and Matlab software
for the clustering phase. Scientific paper’s abstract in
Indonesian language used as the experimental data.
The corpus contained three journal categories include
information technology, health and economics.
Vector space model was introduced in the experiment
with TF-IDF algorithm.

2) Experimental Flow : there are three stages in the
experiment:  preprocessing, calculating term-
weighting to build vector and clustering process
using Matlab software for both K-Means and Fuzzy
C-Means methods.
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Fig. 3. Experimental Flow

3) Experimental Basic Data : after the 1% phase, the
following basic data were created :

TABLE II. BASIC DATA PREPROCESSING

d|d|d|d|d]d]ad a1 | d1
No| Term | )5 |3 | 4l5|6|7]|a|s5 |
1 Teliti |1 |1|l0|1|1]|1]0 1] 530
2| Hasil 1 4t3|o|1]{o0]4]o0 1|22
3| sistem | 70705011 2]0 0] 3 |40
159 vital |11 1]oflo|o]o]o 0l o0|2

Fig. 4. Basic data preprocessing

4) Term-Weighting : by using formulas 2) and 3) the
calculation results are obtained below:

TABLE III. TERM WEIGHTING

No | idf Thidf

d1 d2 d3 di4 dis
1 ]0.0621 | 0.0621 | 0.0621 | 0.0000|...| 0.0621 | 0.3107
2 10.1347 | 0.5388 | 0.4041 |0.0000|...| 0.1347 | 0.2694
3 101761 | 1.2326 | 1.2326 |0.3522]...| 0.0000 | 0.5283
159 | 0.8751 | 0.8751 | 0.8751 {0.0000|...| 0.0000 | 0.0000

Fig. 5. Term Weighting

C. Clustering Process

As stated earlier that

MatLab application.

1) Hard Clustering
Hard clustering is the process of grouping objects
where one object can only be in one group.

In this paper, the K-Means clustering proceed using
Szy-Young’s code that applied in Matlab by filling

the clustering process uses the
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in the name of the data file to be processed and set the 2) Soft Clustering
desired number of clusters to 3. The Code as follow. Soft clustering is the process of grouping objects where
Fig. 6. K-Means code in Matlab 1 object can be in only a few groups based on the
degree of membership. Fuzzy C-Means (FCM)
cle; Clustering method is used for data execution. In the
clear; Matlab code, specify the name of the data file to be

my_data = load('data-proses.txt');
data_size = size(my_data);

num = data_size(1);

data =my_data(:, 2:160);

label = my data(:, 1);

processed and also specified the number of clusters to
3. The code as below.

fcmdata = load('data-proses. txt');
[centers,U] = fcm(fcmdata,3);
maxU = max(U);

% @rm&lizc} data index1 = find(U(1,:) == maxU);
epsilon =0.01; index2 = find(U(2,:) == maxU);
data_mean = mean(data); index3 = find(U(3,:) == maxU);

data_mean = repmat(data_mean, [num,1]);
data_var = var(data);

data_var = repmat(data_var, [num,1]);

data = (data - data_mean)./sqrt(data_var + epsilon);

Fig. 7. Fuzzy C-Means code in Matlab

Execution in FCM until a convergence is achieved

% K-Means algorithm occurs 44 times iteration
clusters = 3;
[cluster_label, step] = fungsi_k means(data, clusters, num); D. Experiment Result
eval = zeros(3, clusters); Data execution through Matlab both K-Means and FCM
fori=1:3 shows the following results
for j = 1:clusters
for k = 1:num TABLE IV. CLUSTERING RESULTS
if ((label(k)==i) && (cluster_label(k)==j))
eval(i, j) = eval(i, j) + 1; K-Means FCM
end Doc i
end Cluster ] Memberschztp degree 3 Cluster
engnd di 2 032376 | 050499 | 0.17125 2
d2 3 0.30073 0.57451 0.12475 2
funcquq [lgbel, step] = k_means(data, clusters, num) B3 5 031044 054915 0.14040 5
% initialize
index = randperm(num, clusters); d4 2 0.36468 0.42356 021175 2
dis = zeros(num, clusters);
label = zeros(num, 1); ds 1 0.43178 0.45283 0.11539 2
center = data(index, :); d6 2 042553 | 036369 | 021078 )
step = 0;
d7 2 0.38859 0.33509 0.27632 1
while(1)
% save the centers for each clutters of last iteration 8 1 0.42906 0.28448 0.28647 1
pre_center = center; , d9 3 0.47706 0.20294 0.32000 1
% calculate distance between data points and clutter
centers d1o 2 0.38090 0.21854 0.40056 3
fori= l:num
for j = I:clusters dil 2 034359 | 020354 | 0.45286 3
engis(i’j) = norm(datai,?) - center(j, :)); di2 1 030057 | 0.19589 | 050354 | 3
end d13 1 0.21971 0.13005 0.65024 3
% construct new clutters
fori=1:num d14 1 0.14313 0.08196 0.77491 3
enllfbel(i) = find(dis(i,:)==min(dis(i,"))); dis 1 0.16613 | 0.10004 | 073383 | 3
% attain new centers
for i = l:clusters
one_clutter = data(find(label==1), :); CONCLUSION
center(i, :) = mean(one_clutter); .
end @) (one. ) K-Means and FCM can easily create clusters from text data
% test the terminating condition in the form of abstract scientific paper that has previously
if (center == pre_center) been through the mining process. With K-Means, the new
BreakQ cluster created shows that there has been a change in the
en . o ey .
Step = step + 1 cluster of experimental data from the initial grouping. The

end results of K-Means clustering are diverse, allowing members
end not to be the same as the researcher's field of science. While
FCM shows that many groups of experimental data are still in
the same cluster as the original category. Only a few group
changes occur, but in terms of the degree of membership, it
can be assumed that there has been changes in the focus of the
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group. FCM cluster results tend to be in line with the
researcher's field of science.

REFERENCES

[1] Mahyuddin K. M. Nasution, Abstract - A Scientific Work, University
of Sumatera Utara, 2017.

Mahyuddin K. M. Nasution, Abstrak - Suatu Karya Ilmiah, Universitas
Sumatera Utara, 2017.

[2] Yogapreethi.N, Maheswari.S, A Review on Text Mining in Data
Mining, International Journal on Soft Computing (IJSC) Vol.7, No.
2/3,2016

[3] Neha Garg, Dr. R. K. Gupta, Clustering Technique on Text Mining : A
Review, International Journal of Engineering Research Volume No.5,
Issue No.4, pp : 241-243.

[4] Lokesh Kumar, Parul Kalra Bhatia, Text Mining : Concepts, Process
and Applications, Journal of Global Research in Computer Science,
vol. 4 no. 3, 2013.

[5S] Deepti Gupta, Er. Jitendra Dangra, a new approach for clustering of
text data based on fuzzy logic, International Journal of Advanced
Research in Computer Engineering & Technology (ZJARCET), Vol 4
Issue 8, 2015.

[6] MinRen, Peiyu Liu, Zhihao Wang, and Jing Yi, A Self-Adaptive Fuzzy

¢ -Means Algorithm for Determining the Optimal Number of Clusters,
vol. 2016.

[71] Risa R. Simanjuntak, Bahasa Indonesia: Policy, Implementation, and
Planning, English Department, Faculty of Language and Culture, Bina
Nusantara University,

[8] Jie Chen, Cai Chen and Yi Liang, Optimized TF-IDF Algorithm with
the Adaptive Weight of Position of Word, Advances in Intelligent
Systems Research, vol. 133, 2nd International Conference on Artificial
Intelligence and Industrial Engineering (AIIE2016),

[9] Dibya Jyoti Bora, Dr. Anil Kumar Gupta, A Comparative study
Between Fuzzy Clustering Algorithm and Hard Clustering Algorithm,
International Journal of Computer Trends and Technology (IJCTT) —
vol. 10 number 2 — 2014

[10] Robbie Shugara, Erawati, Desi Andreswari, Implementasi Algoritma
Fuzzy C-Means Clustering dan Simple Additive Weighting dalam
pemberian bantuan program peningkatan kualitas kawasan pemukiman
(Studi Kasus : Kelurahan/RT se-Kota Bengkulu), Jurnal Pseudocode,
Vol. III Nomor 2, September 2016.

978-1-7281-2930-3/19/$31.00 ©2019 IEEE 135



2019 International Conference on Informatics, Multimedia, Cyber and Information System (ICIMCIS)

978-1-7281-2930-3/19/$31.00 ©2019 IEEE 136




<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize false
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Arial-Black
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /ComicSansMS
    /ComicSansMS-Bold
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FranklinGothic-Medium
    /FranklinGothic-MediumItalic
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Gautami
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /Impact
    /Kartika
    /Latha
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaConsole
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSansUnicode
    /Mangal-Regular
    /MicrosoftSansSerif
    /MonotypeCorsiva
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /MVBoli
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Raavi
    /Shruti
    /Sylfaen
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /Vrinda
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Required"  settings for PDF Specification 4.01)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


